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Analysis System for Size and Quality of Namdokmai Mangoes by Image Processing technique
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Abstract

This paper presents an efficient method to analysis of the size and quality of Namdokmai mangoes by image processing technique which
was developed to help many cultivators. To analysis the size and quality of Namdokmai mangoes were done by feature extraction of size, shape, and
speckle on the mango skin. In this paper, three important features i.e., size, shape, and speckle on the mango skin are taken as input in to the K-
nearest neighbors. The K-nearest neighbors algorithm (K-NN) was used for analyzing the quality of Namdokmai mangoes. The results of skilled
expert opinions and leave one out cross-validation were used be ground truths for testing the efficiency of the proposed method. From all
experimental results show that the proposed technique is able to provide more accurate analysis results efficiently and visually close to the diagnosis

by experts. The proposed method is very useful in assisting many cultivators to accomplish the task efficiently.
Keywords: K-Nearest Neighbors, Feature Extraction, Namdokmai mangoes.
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